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  ABSTRACT:  
 

The rapid growth of affective texts in the Web 2.0 and multilingualism in search engines motivate us to 

prepare the emotion/affect data for three Indian languages (Hindi, Bengali and Telugu). This paper 

reports the development of the WordNet Affects and SemEval 2007 affect sensing corpora in three target 

Indian languages from the available English sources that were provided in the Affective Text shared 

task on the SemEval 2007 workshop. The linguistic evaluation on the developed resources proposed 

various morals from the perspective of affect and the target languages. Two emotion analysis systems, a 

baseline system followed by a morphology driven system have been developed and the evaluation results 

of the systems produce satisfactory results in comparison with the English. 
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[1] INTRODUCTION 

Affect analysis is a natural language processing (NLP) technique for recognizing the emotive aspect 

of text whereas the same textual content can be presented with different emotional slants (Esuli and 

Sebastiani, 2006). The majority of subjective analysis methods that are related to opinion, 

emotion/affect or broadly sentiment is based on textual keywords spotting and therefore explores the 

necessity to build specific lexical resources.  

     A recent study shows that the non-native English speakers support the growing use of the Internet1. 

This raises the demand of linguistic resources for languages other than English. The domain of 

multilingual sentiment analysis consists of related work for several European languages such as 

Romanian/Spanish (Banea et al., 2008; Mihalcea et al., 2007), German (Denecke et al., 2008) etc. In 
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recent times, the sentiment-labeled data is also gradually becoming available for languages other than 

English (e.g. Seki et al., 2008; Wan, 2009; Prettenhofer and Stein, 2010; Nakagawa et al., 2010; 

Schulz et al., 2010). But, the multilingual resource crisis is still present from the perspective of 

affect/emotion or fine grained sentiment. In case of affect analysis, there are a few attempts in other 

languages, such as Russian and Romanian (Bobicev et al., 2010), Japanese (Torri et al., 2011) etc.   

     India is a multilingual country with great cultural diversities. But, the crucial fact is that the Indian 

languages are resource-constrained and the manual preparation of affect annotated data is both time 

consuming and cost intensive. To the best of our knowledge, at present, there is no such lexicon or 

corpus available for affect analysis in Indian languages except Bengali (Das and Bandyopadhyay, 

2009a, 2010). Hindi, the national language of India enjoys a speaker population of 43 crore (2001 

census of India2; rounded to the most significant digit). Bengali is the fifth popular language in the 

World, second in India and the national language in Bangladesh. Recently, Telugu is receiving the 

attention from national and international levels3. The identification of affect in Indian languages in 

general and Hindi, Bengali and Telugu in particular is difficult and challenging as both of the 

languages are 1) Inflectional languages providing the richest and most challenging sets of linguistic 

and statistical features resulting in long and complex word forms, and 2) Relatively free phrase order. 

Thus we believe that the present task would help the development and evaluation of the emotion 

analysis systems in other languages as well. 

In the present task, we have prepared the WordNet Affect for three Indian languages (Hindi, Bengali 

and Telugu) from the already available English WordNet Affect (Strapparava and Valitutti, 2004). 

Expansion of the English WordNet Affect 4 synsets using SentiWordNet 3.05has been performed for 

verifying whether any target emotion word can be produced from a source sentiment word during 

translation or not. The numbers of entries in the expanded word lists are increased by 69.77% and 

74.60% at synset and word levels, respectively. Hindi WordNet6 , a freely available lexical resource is 

based on the English WordNet 3.07. Thus the English synsets of the expanded lists are automatically 

translated into equivalent synsets of the Hindi language based on the synsetID. The development of 

Bengali WordNet Affect has already been attempted (Das and Bandyopadhyay, 2010). Presently, we 

have used their resource for our affect analysis task. The WordNets for Telugu is being developed by 

different research groups. But, the resources do not perform in the required measure. Therefore, we 

have carried out the translation of the Telugu words in the expanded synsets using google online 
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dictionary API8 . The linguistic evaluation of the translated Telugu WordNet Affects produces a 

moderate agreement.  

Primarily, we have prepared the baseline systems for three target languages based on the developed 

WordNet Affects. The baseline systems have been evaluated on the translated corpora of the target 

languages. The SemEval 2007 affect sensing corpus (Strapparava and Mihalcea, 2007) was translated 

in three different target languages to serve the purpose. The translated corpus in Hindi have been 

prepared using Google translator API 9followed by linguistic editing whereas the translation for 

Bengali and Telugu has been performed manually by the authors. The baseline systems achieve the 

average F-scores in the range from 46.39% to 56.88% with respect to six emotion classes. We have 

also incorporated the morphological knowledge of the emotion words into the baseline systems and 

the performance of the systems has been increased.  

We have compared our present results on three Indian languages with similar research results for 

English (Das and Bandyopadhay, 2009b) and Japanese (Torri et al., 2011). It has been observed that  a 

perfect sense to sense mapping among languages is impossible, as a particular sense may denote 

additional meanings and uses in one language compared to another, thus rendering a perfect parallel 

sense boundary permeable (Banea et al., 2011). But, the emotional senses do hold across languages, 

implying that this information could be leveraged in an automatic fashion to provide additional clues 

for the affect labeling of unseen senses. 

The rest of the paper is organized as follows. The related tasks on multilingual affect analysis and 

lexicon development are mentioned in Section 2. Different developmental phases of the WordNet 

Affects are described in Section 3. Preparation of translated corpora is discussed in Section 4. 

Different experiments and evaluations based on morphology and the annotated emotion scores are 

discussed in Section 5. Finally Section 6 concludes the paper. 

[2] RELATED WORK  

A growing demand of multilingual sentiment analysis provides the opportunities for building 

resources from one language to other languages. The pioneering works on multilingual subjectivity 

and sentiment analysis were attempted either by translating or leveraging a bilingual dictionary or a 

parallel corpus based on English resources (Mihalcea et al. (2007); Bautin et al. (2008); Banea et al. 

(2010)). Some interesting approaches are also mentioned in (Boyd-Graber and Resnik, 2010; Ahmad 

et al. 2006). English annotation schemes developed for opinionated text lays the groundwork for 
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research carried out by (Esuli et al., 2008) when annotating expressions of private state in Italian or by 

(Maks and Vossen, 2010) in Dutch. English corpora manually annotated for subjectivity or sentiment 

such as MPQA (Wiebe et al., 2005), or the multi-domain sentiment classification corpus (Blitzer et al., 

2007) were subjected to experiments in Spanish, Romanian (Banea et al., 2008), or German (Denecke 

et al., 2008) or Chinese upon automatic translation by (Wan, 2009) etc. In recent times, the sentiment-

labeled data is gradually becoming available for languages other than English (e.g. Seki et al. (2008); 

Das and Bandyopadhyay, (2009); Prettenhofer and Stein (2010); Nakagawa et al. (2010); Schulz et al. 

(2010)). 

     Some of the Sentiment and subjectivity lexica were transfered into Chinese (Ku et al., 2006) and 

into Romanian (Mihalcea et al., 2007).  

[3] DEVELOPMENT OF WORDNET AFFECT  

In the present task, we have prepared the WordNet Affect for three Indian languages (Hindi, Bengali, 

and Telugu) from the already available English WordNet Affect (Strapparava and Valitutti, 2004). The 

English WordNet Affect is a small lexical resource compared to the complete WordNet (Miller, 1995) 

but its affective annotation helps in emotion analysis. Entries in the English WordNet Affect are 

annotated using Ekman’s (1993) six emotional categories (joy, fear, anger, sadness, disgust, surprise). 

The collection of the English WordNet Affect 10 synsets that are used in the present work was provided 

as a resource in the “Affective Text” shared task of SemEval-2007 Workshop. The shared task was 

focused on text annotation by affective tags (Strapparava and Mihalcea, 2007). We have not 

considered the problems of the lexical affect representation or discussed the differences between 

emotions, cognitive states and affects in developing the WordNet Affect in target languages. The 

whole data is provided in six files named by the six emotions. Each file contains a list of synsets and 

one synset per line. An example synset entry from WordNet Affect is as follows. 

a#00117872 angered  enraged  furious  infuriated  maddened 

The first letter of each line indicates the part of speech (POS) and is followed by the affectID. The 

representation was simple and easy for further processing. We have mapped the synsetID of the 

WordNet Affect lists with the synsetID of the WordNet 3.011 using an open source tool12 (Torri et al. 

2011). This mapping helps in expanding the WordNet Affect lists with the recent version of 

SentiWordNet 3.013.       
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3.1 Expansion by SentiWordNet 

It was observed that the six WordNet Affect lists that were provided in the shared task contain only 

612 synsets in total with 1536 words. The words in each of the six emotion lists have been observed to 

be not more than 37.2% of the words present in the corresponding SentiWordNet synsets. Hence, these 

six lists are expanded with the synsets retrieved from the English SentiWordNet (Baccianella et al., 

2010) to have an adequate number of emotion related word entries. We assumed that the new 

sentiment bearing words in English SentiWordNet might have some emotional connotation in the 

target languages. But, the part-of-speech (POS) information for each of the synsets is kept unchanged 

during expansion of the lists. The numbers of entries in the expanded word lists are increased by 

69.77% and 74.60% at synset and word levels respectively. 

     SentiWordNet assigns each synset of WordNet with two coarse grained subjective scores such as 

positive, negative along with an objective score. SentiWordNet contains more number of coarse 

grained emotional words than WordNet Affect. We assumed that the translation of the coarse grained 

emotional words into target languages might contain more or less fine-grained emotion words. The 

differences between emotions, cognitive states and affects were not analyzed during translation. Our 

main focus in the task was to develop the equivalent resources in target languages for analyzing 

emotions. 

     WordNet Affect and SentiWordNet are both developed from the WordNet (Miller, 1995). Hence, 

each word of the WordNet Affect is replaced by the equivalent synsets retrieved from SentiWordNet if 

the synset contains that emotion word (Das and Bndyopadhyay, 2010; Torri et al., 2011). In case of 

word ambiguity during the replacement of the words in WordNet affect synsets, some spurious senses 

appeared in some synsets that represent a non appropriate meaning. But, it was observed that in the 

case of emotion words, this phenomenon is not frequent because the direct emotion words are not very 

ambiguous. 

3.2 Translation  

We have used English as a source language. The translation into the target languages has been 

performed in different ways. The HIndi WordNet 14 is freely available and it was developed based on 

the English WordNet.  

To the best of our knowledge, there is no Bengali WordNet is freely available. Therefore, the 

expanded WordNet Affect lists were translated into Bengali using the synset based English to Bengali 

bilingual dictionary (Das and Bandyopadhyay, 2010). The dictionary contains 1,02,119 synsets that 
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were developed using Samsad Bengali to English bilingual dictionary15 as part of the EILMT16 project. 

The synset-based dictionary is developed from the general domain. We have not considered all the 

word combinations, as they could not be translated automatically. The sense disambiguation task was 

conducted based on the hints of sense wise separated word groups present in Bengali to English 

bilingual dictionary (Das and Bandyopadhyay, 2010). 

a#admirable  পপপপপপপপপ, পপপপপপ 

 

      There is no Telugu WordNet that is freely available and it is being developed based on the English 

WordNet. Thus the synsets of the expanded lists are automatically translated into Telugu equivalent 

synsets based on the synsetIDs using open source google dictionary API and the English to Telugu 

bilingual dictionary. The lists were verified by the authors. There are some translated samples that 

contain word level as well as phrase level translations. 

  

n#cheer  পপপপপপপপপপপপপপপপপ পপপপপপ পপপপপপপপ (prostyahinchenduky kotte 

chappatlu)  

 

v#chafe  পপপপপপপ পপপপপপপ পপপপ পপপ পপপপপ (gattiga rudhatam valla badha 

kalugu)  

 

The number of translated synsets (S) and words (W) for six affect lists of the three target languages 

are shown in Table 1. 

3.3 Analyzing Translation Errors  

Some of the synset elements of the WordNet Affect lists were not automatically translated. One of the 

reasons may be that the bilingual dictionary is fairly modest. It has been observed that some words 

containing suffixes such as “ness”, “less”, “ful” as well as adverbs formed using suffix “ly” are 

unlikely to appear in dictionaries.  
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Affect 

Lists 

Hindi     Bengali  Telugu 

anger  210 (S),  

1367 (W) 

 321 (S) 

1141 (W) 

240 (S) 

1033(W) 

disgust  123 (S) 

873 (W) 

74 (S) 

287 (W)  

22 (S) 

218 (W) 

fear  235 (S) 

1478 (W) 

182(S) 

785 (W)  

80 (S) 

615 (W) 

joy  617 (S) 

3921 (W) 

467(S) 

1644 (W) 

379 (S) 

2940 (W) 

sadness  356 (S) 

2128 (W) 

 220 (S) 

788 (W) 

133 (S) 

846 (W) 

surprise 102 (S) 

712 (W) 

125(S) 

472 (W) 

74 (S) 

456 (W) 

 

     Table 1: Number of translated synsets (S) and words (W) for six affect lists of the three target 

languages  

 

     It was also found that the idioms, word combinations were not translated automatically.  There 

were a large number of word combinations, collocations and idioms in the Telugu WordNet Affect. 

These parts of synsets show problems during translation and therefore manual translation is carried 

out for these types. There are some of the English words that were not translated into Telugu (e.g., 

astonied, awestricken, dazed, dumbfound, howling, in_awe_of, marvelously, stupefy, superbly etc). 

Some of the wrongly translated emotion words have been removed from their corresponding lists (e.g., 

পপপপপপ (santhanam) ‘brood’, পপপপপপ পপপপপ (sangatana samayamu) ‘scene’ etc.). 

     Some SentiWordNet synsets (e.g., 00115193-a huffy, mad, sore) were not translated into Hindi as 

there are no equivalent synset entries in the Hindi WordNet. There are some of the English synsets that 

were not translated into Hindi. For example, the synset ‘07517292-n lividity’ contains only one 

English word that was not translated into Hindi. One of the reasons of such translation problems may 

be that no equivalent Hindi word sense is available for such English words. 

     The development of the Bengali WordNet Affect has already been attempted (Das and 

Bandyopadhyay, 2010). But, the coverage of the Bengali WordNet Affect was not exemplified. It is 

found that number of emotion words have increased in all of the Bengali WordNet Affect lists except 
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joy and sadness. The non-translated entries were filtered from the English synsets after the translation. 

As the total number of non-translated words in the six emotion lists is 210 and the figure is 

comprehensible for manual translation, the non-translated words were translated into Bengali by the 

authors. 

[4] PREPARATION OF TRANSLATED CORPORA  

Knowledge resources can be leveraged in identifying emotion-related words in text and the lexical 

coverage of these resources may be limited, given the informal nature of online discourse (Aman and 

Szpakowicz, 2007). In general, the identification of the direct emotion words incorporates the lexicon 

lookup approach. Hence, we evaluated the developed WordNet Affects on their corresponding target 

language corpora that have been translated from SemEval 2007 affect sensing corpus (Strapparava and 

Mihalcea, 2007). 

4.1 Automatic Translation  

The English SemEval 2007 affect sensing corpus consists of news headlines only. Each of the news 

headlines is tagged with a valence score and scores for all the six Ekman’s (1993) emotions. The six 

emotion scores for each sentence are in the range of 0 to 100. 

     In case of Hindi, we used the Google translator API 17 to translate the 250 and 1000 sentences of 

the trial and test sets of the SemEval 2007 corpus. But, the API is not available for Bengali or Telugu. 

Thus, the translated corpora for these target languages were prepared by the authors. The experiments 

regarding morphology and emotion scores are conducted on the trial corpus. We have carried out 

different experiments on 1000 test sentences by selecting different ranges of emotion scores. 

4.2 Manual Agreement  

One of the major problems of emotion identification is the lack of appropriately annotated corpora. 

But, in the present task, the English SemEval 2007 affect corpus war already annotated with the 

valence score (-100 to -1 for negative, 0 for neutral and 1to 100 for positive) and six emotion scores 

(in the range of 0 to 100) for each sentence. Thus, the annotation task on the translated corpora was 

also easy to comprehend as we assumed that the translation carry the emotion senses across languages. 

The annotators were simply asked to answer “agree” or “disagree” by viewing the translated sentence 

and its corresponding gold standard emotion and valence score. 

     Some linguistic corrections were made for the automatically translated Hindi corpus whereas the 

Bengali and Telugu emotion corpora were translated manually by the authors. Three annotators 
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identified as A1, A2 and A3 were asked to carry out the annotation. The crucial fact was that each of 

the annotators was specialized in only two native languages (e.g. A1 knows only Hindi and Bengali, 

A2 knows only Hindi and Telugu and A3 knows only Bengali and Telugu). Thus, two-way agreement 

scheme was proposed, one with respect to the English gold standard (GS) annotation and other with 

respect to the native annotators specialized in the corresponding languages.  

     The annotation scope was restricted to sentence level. Thus, the annotators were bound within the 

sentence level without considering any surrounding context or discourse. We have used the standard 

metric, Cohen's kappa coefficient (κ) (Cohen, 1960) for measuring the inter-annotator agreement. It is 

a statistical measure of inter-rater agreement for qualitative (categorical) items. It measures the 

agreement between two raters who separately classify items into some mutually exclusive categories. 

We measured the kappa agreement with respect to each sentence. 

    The results of agreement with respect to all emotion classes are shown in Table 2. It was observed 

that the agreement of validating the sentential valence (≈ 0.9) shows moderate and acceptable values 

whereas the real disagreement occurs in case of validating the emotion scores. The validation of 

emotion scores for two or three closely relevant and related emotion classes causes the disagreement. 

It was found that the average number of emotion types is 2~3 for the sentences that contain multiple 

emotions. It has to be mentioned that the agreement in identifying emotion in the sentences containing 

single emotion score is more than the agreement in identifying emotion in sentences containing 

multiple emotion scores with close values.  

      In addition to the above issues, some other interesting observations were found from the 

perspective of disagreement study. The happy emotion more frequently conflict with surprise emotion 

in the translated corpora rather than any other emotions. Consequently, the sadness occurs with angry, 

disgust and fear emotion types rather than happy or surprise. The reason may be that, at sentence level 

translation, the emotion tags with similar emotional slants occupy with more close association in 

comparison with the others that present with opposition. But, overall, the agreement results on 

translated corpora for all three target languages were satisfactory with respect to native nature of the 

languages as well as in comparison with English Gold standard annotation. 

  

Annotators Hindi Bengali Telugu 

English Gold Standard (GS) Vs. Native 

Annotator 

GS ↔A1 0.85 0.83 X 
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GS ↔A2 0.84 X 0.83 

GS ↔A3 X 0.84 0.82 

Native Annotator Vs. Native Annotator 

A1 ↔ A2 0.85 X X 

A1 ↔ A3 X 0.84 X 

A2 ↔ A3 X X 0.82 

 

Table 2: Inter-Annotator Agreement using kappa  

[5] EVALUATION  

5.1 Baseline System  

Three baseline systems have been developed for three different target languages based on the WordNet 

Affects that were developed for the respective target languages.  

     The algorithm is that, if a word in a sentence is present in any of the WordNet Affect lists; the 

sentence is tagged with the emotion label corresponding to that affect list. But, if any word is not 

found in any of the six lists, each word of the sentence is passed through the morphological process to 

identify its root form and the root form is searched through the WordNet Affect lists again. If the root 

form is found in any of the six WordNet Affect lists, the sentence is tagged accordingly. Otherwise, the 

sentence is tagged as non-emotional or neutral. 

     The open source Hindi Stemmer18 has been employed for identifying the root forms of the words in 

Hindi. Due to the scarcity of efficient stemmers in case of Bengali and Telugu, we have used the 

morphological information from the output of the open source Bengali and Telugu shallow parsers19. 

     To evaluate the baseline system, we have considered that each sentence is assigned a single 

sentential emotion tag based on the maximum emotion score out of six annotated emotion scores. The 

experiments regarding morphology and emotion scores were conducted on the trial corpus. The final 

evaluation which was carried out on 1000 test sentences produces the results shown in Table 3. The 

evaluation of our system is similar with the coarse-grained evaluation methodology of the SemEval 

2007 shared task on affective text. It has been observed that Hindi and Bengali performs satisfactorily 

while the Telugu baseline system fails due to the coverage of the Telugu WordNet Affect and effect of 
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rich and deep morphology. The precision is high in case of Hindi and Telugu whereas the system 

achieves low recall for Bengali only. The results of the present baseline systems were evaluated in 

comparison with English (Das and Bandyopadhyay, 2009b) and Japanese (Torri et al., 2011). The 

results are shown in Table 4. 

     In addition to the coarse-grained evaluation, we also carried out different experiments by selecting 

different ranges of emotion scores. The corresponding experimental results are also shown in Table 5. 

Incorporation of morphology improves the performance of the system. On the other hand, it was 

observed that the performance of the system decreases by increasing the range of Emotion Scores 

(ES). The reason may be that the numeric distribution of the sentential instances in each of the 

emotion classes decreases as the range in emotion scores increases. This, in turn, decreases the 

performance of the system. 

 

Affect 

Lists 

Hindi 

Precision   Recall F-Score 

anger  87.65 

[90.25] 

76.64 

[80.53] 

81.22 

[85.50] 

disgust  81.88 

[82.51] 

58.89 

[59.77] 

70.23 

[71.43] 

fear  85.22 

[90.11] 

60.86 

[70.58] 

67.49 

[80.21] 

joy  86.46 

[90.68] 

75.76 

[80.43] 

79.32 

[85.63] 

sadness  90.78 

[94.98] 

70.87 

[80.92] 

80.47 

[84.65] 

surprise 88.77 

[89.80] 

80.56 

[83.11] 

84.26 

[86.48] 

 Bengali 

anger  63.12 

[65.22] 

66.43 

[69.91] 

64.80 

[68.22] 

disgust  39.67 

[42.78] 

47.40 

[49.37] 

42.55 

[45.32] 

fear  62.49 70.87 65.10 
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[74.91] [80.00] [77.49] 

joy  88.67 

[92.86] 

74.88 

[80.77] 

82.59 

[86.78] 

sadness  90.09 

[93.56] 

60.32 

[70.80] 

75.94 

[81.07] 

surprise 82.43 

[89.08] 

81.00 

[83.10] 

81.74 

[86.90] 

 Telugu 

anger  93.42 

[95.45] 

66.66 

[66.66] 

77.80 

[78.50] 

disgust  89.55 

[92.05] 

43.03 

[49.39] 

58.13 

[64.28] 

fear  92.43 

[94.49] 

40.00 

[60.21] 

55.83 

[73.55] 

joy  86.07 

[92.68] 

64.70 

[70.58] 

73.87 

[80.13] 

sadness  94.49 

[94.98] 

50.22 

[50.22] 

65.58 

[65.70] 

surprise 98.03 

[99.50] 

91.12 

[93.50] 

94.44 

[96.40] 

 

Table 3: Precision, Recall and F-Scores (in %) of the baseline systems for three target languages 

(Hindi, Bengali and Telugu) per emotion class on the translated SemEval 2007 test corpora before and 

[after] including morphology. 

 

Language Precision   Recall F-Score 

Hindi     88.04 92.56 90.30 

Bengali     75.83 71.66 73.33 

Telugu   96.54 64.66 80.66 

English 74.24 64.38 69.28 

Japanese 83.52 49.58 62.22 

 



International Journal of Computer Engineering and Applications, Volume X, Issue X, Oct. 16, 

www.ijcea.com ISSN 2321-3469 

 

27 

MUDDULURU AVINASH, M. ANUSHA and CH.V.SWARNA KUMARI 

Table 4: Comparative results of Average Precision, Recall and F-Scores (in %) of the three Indian 

languages (Hindi, Bengali and Telugu) with other two foreign languages (English and Japanese) 

 

Language Precision   Recall F-Score 

Emotion Score (ES) ≥ 0 

Hindi     88.04 92.56 90.30 

Bengali     75.83 71.66 73.33 

Telugu   96.54 64.66 80.66 

Emotion Score (ES) ≥ 10 

Hindi     88.04 92.56 90.30 

Bengali     75.83 71.66 73.33 

Telugu   96.54 64.66 80.66 

Emotion Score (ES) ≥ 30 

Hindi     88.04 92.56 90.30 

Bengali     75.83 71.66 73.33 

Telugu   96.54 64.66 80.66 

Emotion Score (ES) ≥ 50 

Hindi     88.04 92.56 90.30 

Bengali     75.83 71.66 73.33 

Telugu   96.54 64.66 80.66 

 

Table 5: Average Precision, Recall and F-scores (in %) for three target languages on different ranges 

of Emotion Scores 

5.2 Error Analysis and Discussion  

Telugu affect lists include words as well as phrases. We deal with phrases using Telugu morphology 

tool to find affect words in a sentence and substitute an affect word into its original conjugated form. 

One of the main reasons of using a morphology tool is to analyze the conjugated form and to identify 

the phrases. For example, the Telugu word for the equivalent English word ‘anger’ is " కోపం 

(kopam)" but there are other conjugated word forms such as “ఆగ్రహం తెప్పించింది (agraham 

theppinchindhi)” that means ‘angered’ and it is used in past tense. Similarly, other conjugated form 

“পপপপপপপপ পপপপপপপপ (kopaginchu kunnaru)” which denotes the past participle form ‘have 

angered’ of the original word ‘anger’. The morphological form of its passive sense is 
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“পপপপপপপপ পপপপপপপ. (kopaginchu kuntaru)" that means ‘be angered’. In addition to that, 

we identify the words into their original forms from their corresponding phrases by using the 

morpheme information. It has been found that some of the English multi-word phrases have no 

equivalent Telugu phrase available. Our system fails to identify some emotion words from their 

conjugated counterparts. For example, the Telugu word “ఒక (oka)” that means ‘an’ is matching with 

“পপপপপপ পপপপপপ পপপপপপ পপপ পপপপপপপপপ (okariki kalingina meeluku kuda 

santhoshinchu)” ‘congratulate’ and “ఒక পপপপপপপপপপপপপপ পপপপপপপ পপপপপপপপপ 

পপপপ” (oka vruthilonivaaru erpatuchesukunna sangam) ‘Brotherhood’ which both belong to the 

happy list. 

[6] CONCLUSION 

The present paper describes the preparation of WordNet Affects and basic prototype emotion analysis 

systems for three Indian languages (Hindi, Bengali and Telugu). The automatic approach of expansion 

and translation reduces the manual effort in building the lexicons and corpora. Though perfect sense 

mapping between languages is impossible, the comparative results with English and Japanese reveal 

that the emotion in text preserves its senses across languages. The resources are still being updated 

with more number of emotional words to increase the coverage. Our future task is to integrate more 

resources so that the number of emotion word entries in each of the target languages can be increased. 

The sense disambiguation task needs to be improved further in future by incorporating more number 

of translators and considering their agreement into account. The future task is to adopt language 

dependent and independent features for extending the emotion analysis task in multilingual platform. 
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